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1 Introduction

A major task in Educational NLP is to assess student responses to examination questions, homeworks and intelligent
tutors. Much of the related work has been done in evaluating student essays [1][2], error detection and correction [4] and
grade level text classification [3]. A subtask in student dialogue systems is Student Response Analysis (SRA) i.e. given
a question and a reference answer, the system need to analyze student response and decide whether it is correct or else
give a suitable feedback. A key requirement to accomplish this is semantic inference, for example to detect whether the
student answers say the same thing as the reference answer in different words or contradict it.

2 Student Response Analysis Corpus

The corpus contains manually labeled students responses to explanation and definition questions[?]. Specifically, the data
set contains a question, a reference answer and a 1-2 sentence student answer. Each student answer is labeled as one of
the five judgements by a human annotator: led as one of the five judgements by a human annotator:

Correct

Partially correct but Incomplete

Contradictory

Irrelevant

Non-Domain

The SRA Corpus consists of 2 subsets: BEETLE and SCIENTSBANK. The BEETLE corpus contains 56 questions in basic
electricity and electronics domain with 3000 student answers. The SCIENTSBANK corpus[6] contains 197 assessment
questions with 10,000 student answers in 15 different science domains.

3 Main Task

The main task is to produce an assessment of student answers to explanation and definition questions asked seen in
practice exercises, tests or dialogue. The main task is to assess a student’s answer at 3 different levels of granularity,
namely:

e 5-way task : correct, partially correct but incomplete, contradictory, irrelevant, not-in-the-domain

e 3-way task : correct, contradictory, incorrect

e 2-way task : correct, incorrect
Such recognition of partial entailment may have various utilities in the educational setting based on identifying the
missing parts in the student answer, and may similarly have value in other applications such as summarization or question
answering.

4 Approach

There is a correlation between textual entailment and answer correctness. In a typical answer assessment scenario, we
expect a correct answer to entail the reference answer. However a student may wish to skip the details already mentioned
in the question. So the problem basically is whether the answer, along with the question entails the reference answer.
Recognizing textual entailment has been an important problem and has been addressed in RTE challenges every year since
2005[5]. We plan to use a RTE system along with shallow text features to train on the SRA (BEETLE and SCIENTSBANK)
dataset and testing it on the test dataset provided. The evaluation metrics used will be according to the SemEval 2013,
Task 7 problem statement.
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